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Translation Technology Insights research:
use of translation tools

mTotal mFreelance mlLSP wmCorporate

Computer-asssted Terminology management Colaboraton tools that Transiation apps Transiation management Software localization Transiabon-speafic
translation (CAT) allow users to share sottwarne software business managemaent
transiation assets software

What types of translation software do you/does your organization currently use?
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E2021 RWS

Why are translators worried about machine translation?

Still-new technology Trained differently

m Not all NMT models are trained equally —

they are trained in different ways, with
different types of content

NMT models have only been around for the
last five years or so

Replacement for human

Reduced rates
translators

Rates are often cut when transiators use Translators are concemed that MT will start
MT taking their jobs
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Nuance

B2021 RWS

Human translation

Transcreation

Advertising

Marketing content
Complex legal documenis

Software user interfaces
(Uls)

Low

Post-editing

Websites

Documentation/manuals/
help information

Technical marketing

Easy software Uls, e.g.
ermor messages or tool tips

Financial reporis

Investor information (e.g.
key investor information
documents, packaged
retail investment products,
fact sheets, eic.)

Clinical trial and patient
matenals

Medium

Guidance on content
suitability for machine

translation

Post-editing/pure MT

Praduet descriptions

Knowledge base

Support content

FAQs

Alerts/notifications

High

Volume of content

Pure MT

Chat

Speech to text

User forums/reviews
Sentiment analysis

Wikis, blogs

Emails, instant messages,
SMS

Very high

¥ RWS
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General content suitability and the chances of success based on ﬁ;z]&f@;]ﬂ'

language, vertical and content type

%“ X £ ..5_. y >
Quality requirements E'HH;EE\" = %* ;k
Volume requirements :‘__/ﬁz—_%-%g_}'}‘{
Proposed future content (required when architecting a long-term
| t SI2. K )
— EES S

Technical integration requirements for the production workflow (CMS,

CAT tool, TMS) j;i*%g_*




& T & Y e A
SR

R EER

BXREY o
Em g =z, Exwmy || 2m, me =m
HT AT
~ ; A\J
=
HAREK
wmepe || mEREEE |[E7, 2 sssied BiE, Wi
gin: B,
T ggﬁ 41 15 46 I T e S =R
FEfHE

FRMERNE

R

AR K



MLEFBAE . @A vs. TH

Generic neural machine
translation models

Trained with hundreds of
millions of words of
bilingual data

Developed by Language
Weaver for 130+
language pairs

High-quality data mined
from reliable sources in
the public domain

Applicable across
language pairs, verticals
and content types

¥ RWS

82021 RWE



|%2§ﬁli§ﬁﬁ: B A vs. &

Customized neural machine

translation models

Optimize the output for
specific content

Usually improved by
additional relevant and
high-quality data

E2021 RWS

Trained based on specific
bilingual data

Adhere to specific
terminology and style

¥ RWS
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MLE % ( Machine 1% )5 w45 ( Post-editing )

Translation ) e 1SO 17100-2013:

o EATINA SRRy | BEREEALE @R
IA—F G RIET G BEN T ( To check and correct MT
—FhiEE output )

e |SO 17100-2013:
Automated translation of text or
speech from one natural
language to another using a
computer system

KJF. SDL, #AiE P R IF09 KRBT A1 )5 SRdE R4, 2013



ISO 18587-2017: Translation services — Post-editing of machine
translation output — Requirements

GB/T 40036-2021 AR S-: LB ELEF1TE REEKR
)G e T X
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B RERN S R R
TG R E K



# )5 Ya48 3% 8% light vs. full

3% B % )G %% ( Light post-editing ) T E %5 3R ( Full post-editing )
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| MT + Full PE + review

Quality matrix for full
post-editing + review

Full post-editing +

review

High-quality deliverable comparable to human translation + review
Correct grammar, spelling and punctuation

Appropriate style

Correct and consistent terminology

Deliverable reads well and is suitable for its intended purpose

Y BN AN

Post-editors use the same references and processes as for conventional human translation

¥ RWS

82021 RWS



MT + Full PE (No review)

Quality matrix for full
post-editing (no review)

Full post-editing

Criteria

{no review)

Accurate deliverable comparable to franslation-only service

Self-checks for grammar, spelling and punctuation

Appropriate terminology is observed but a degree of inconsistency is possible

SEE S B

Style reguirements are observed but a degree of inconsistency is possible
Natural fluency of all sentences is guaranteed X

Consistency between post-editors is guaranteed X

¥ RWS

& 2021 RWS



| MT + light PE (No review)

@ 2021 RWS

Quality matrix for light post-editing (no review)

Issue

Comment

Error category

Mistranslation

Correction of critical and major errors only

In-context terminology

SSIS

Terminology choices iy 1 glossary provided m MuttTerm format.
Accu racy Omissions/additions Correction of critical and major errors only
Grammar Not corrected unless meaning is affected
Language Spelling Not corrected unless meaning is affected
Punctuation X
Consistency X
Style General style X
Country standards X
Country
Register and tone X

¥ RWS



| Pure MT

Quality matrix for pure machine
translation

Criteria Pure MT

Completely automated translation process \/
Instant turnaround \/
Suitable where speed of information transfer is key \/
Language quality control and compliance with existing terminology or style X

Free of mistranslations, untranslated parts and nonsensical translations X

¥ RWS

82021 RWS
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Service levels — quality matrix

MT + full post-editing +
review (machine-assisted
publishable)

Focus on quality

MT + full post-editing (no
review)
{machine-assisted)

Focus on accuracy

MT + LPE
Focus on
understandability

Pure MT (raw MT)
Focus on speed

S2021 RWS

Apply translation memory —
apply MT — full post-editing —
review — customer delivery

Apply translation memory —
apply MT — full post-editing —
customer delivery

Apply translation memory —
apply MT — LPE — customer
delivery

Apply MT — customer delivery

What to expect

.~ Comparable to full human translation and review

Lower cost and faster turnaround than human fransiation and review
v Terminology compliant
' Style-guide compliant

. Comparable to human franslation with no review
Lower cost and faster turnaround
+ Terminology is observed but a degree of inconsistency is possible
Style requirements are observed but a degree of inconsistency is possible
X Sentences may lack natural fluency
¥ Consistency between post-editors cannot be guaranteed

v MT output is edited to an understandable level
Focus is on meaning and usabilify of the output
X Style is not adjusted and may lack natural fluency
X Reqgister and fone are basic, not adapted to text type/target audience
X Sentence structures are readable, but not perfect in terms of spelling and grammar

+/ Completely automated translation process, at very low cost

' Suitable where speed of information transfer is key

X Mo language quality control and no compliance with existing terminology or style
X Mistranslations, untranslated parts and nonsensical translations are likely

¥ RWS
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Sustainable post-editing

Requirements for sustainable post-editing

» Good understanding of the source and
target language
Subject-matter expertise
Proficient use of translation tools

» Willingness to give MT and post-editing a

@?standing of expected MT behav@
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 Source: The average growth rate for the top 100 in our ranking this year
was 12.9% in 2019. The top 20 grew at an average of 10.1% — 2.8%
below the top 100 average.

o MT: HAAFHALAT1004 b0-F-3438 K 2 20195 412.9%. F204
B34 38 K % 1L AT 1004 3438 ¥ £4510.1%-2.8%

* PE: 20194F#71004 % 5 MRS A-F 338 K 4 12.9%. w204 i1
38K % 10.1%—— LT 1004 4938 K F152.8%.



* Source: The following section builds on the previous recommendations
by the WHO (2006) and NICE (2018), Public Health England (2014) and

Institute for European Environmental Policy (IEEP) (2016)...

o MT: UTEAMUHRIALL (20064 ) . NICE (2018 5F ) . 3%
2 b TLA AL (20145F ) FaRN SRIEEKAE 5LAT ( IEEP)
(2016F ) Z AHE 4 BBk Srt ...,

© PE: UTMEAMUMRI AL (2006) . EEEEIAS EEMA
BESLPL (2018) o X EAFETAER (2014 ) AR ERIE IS FLAA
(2016 ) Z ATHEH DUk LRl




 Source: This text is intended to be a useful companion as you make your own

transitions journey, a resource for you to reference while you teach reading

and writing to children.

© MT: XFXFmHEER =D ANE, SRE05E T EIR,
— AN RIBAE S, YT T A B AE.

© PE: fERFMEERAEGRAEERT T FHER L F A 5 Ak A7)L
ERERFTHTERE,




 Source: Urban green spaces are considered to be urban

spaces covered by vegetation of any kind..

o MT: IR ERHAOAY R AT 27 B A TR 2 IR
.
o PE: W GRH R £ 0K




* Source: As has been said so well, “Once you see it in action,

you can’t go back”

« MT: ELECERANL4F, “—BLFECHEATS, 5L
ZS AIE

* PE: WIEPLAAAT: T FARAELE .




 Source: Getsthe localized name of the < ui> Toolbox < /ui
> tab with which this toolbox item is associ- ated.

* MT: JREBBMREZITEAHM “TEHH" <ui> </ui
> PATA I AR RALK 4 FR

* PE: RBWMAXLEZITEHM <ui> “TEH" </ui>
AT 25 B AR WAL B 4 F




7. i11% ( Over translation )

e Source: See also Hide () and Show ().
o MT: FIFHEIIEE () 2T ().

e PE: 5 iFAILHide () #zShow ().

mlEEE =8 FRIL EE ' < B () =g HiE v
<7xml version="1.0" encoding="utf-8"7> X <?7xml fA4~="1.0" fZr%="utf-8"7>
<resources= <HiE>

<string-array name="edtdia"= <string-array name="edtdia">
<item>Modify</item> <item>fE¥</item>
<item>Delete</item> <item>fflf%</item=
<item=Call</item> <jtem=FEIY</item=>
<item=SMS</item=> <item=£2{S</item=

</string-array> </ FRTEEE>

<string-array name="impselect"= <string-array name="impselect">
<item>Manually create</item> <item>F & 8IEE</item>
<item=Import from contacts</item= <item=MEE A2 </item>
<item=Ilmport from call records</item= <item=MiBIEICRE  </item=>
<item=Import from SMS</item= <jlem=>ME{ES M </item>

</string-array> </FrieEEEE>




8. 15 A BAE XA T E 7 B T4 1%
* Source: J.ET'E #7342 SUSE Linux 12 SP245A% S,

e MT: In this case, you need to mount the SUSE Linux 12 SP2 image

file again.

e PE: In this case, mount the SUSE Linux 12 SP2 image file again.



* Source: Interms of volume translated from Chinese into
foreign language X, the top five languages are: English, French,
Japanese, German and Russian.

* MT: AW SGRRAN SIX B E R E, W EALAIET & X
&, F1E. BB, 1B1EAKIE

* PE: BLYSUEIBRIMERIRERE, AW EALNIER X

FiE. FE. BIE. fEE AT
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2. — B WL R L
3. 3k JR S R A A B4R

4. PAEEF MT X, FHESME FHESCHAT 4 £ 5,
5. YA MT =3 SRl %&%%%M‘B&u‘éio

6. fFaE 1K, Jt5 R AT AR

7. MR R E, EiRZER.




244 7]: 2_Cases

fd RS, HRE LA ILE S L AR A R

2. FEFEAL S, AALEIIFNF AT EE s

Case: 1. Source J. 3C: Failure is glorious.docx

2. NMT M 1E& 3R : Failure is glorious.docx.sdUxliff
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22 TEHTE (Terry Crossman ) EEM IR A 5 2 BIP TR M A L EEEE 7 20 F. «
62 % RIS A ':EPK%U SEHINMEE S, i OMAMERE, Wil FHFEer =
HEEme LT SIUEHE M ERNESA. .

EfRIET, SEFAaOs Rl STAIEml. SHhBEREHE, ke
ZE. ElREE T 202FNRE mEfEEle 7T oL F, STHH TS
B MAeEZtsifEEREe. AE80E “AEASAD” MER, EEiMman RS
EAMEL . o




TR2: BRI E ¥ HE)E Rt

( Trados studio )

@ -[d s SDL Trados Studio - Terry Crossman - O
= 3 =i = FTINGRE EEE] % Qiliang C
EWiF4EE — Terry Crossman_En_Zh_TM, Tmxmall MT Plugin 1 x |pﬁi§{ﬂ%l} 1 x
w DEEEE HEH & D aeEOD

Wearing his bright red armband and speaking fluent Mandarin, from a distance 1) FHIFFRBE-

B2-year-old Gao Tianrui could be taken for any regular Chinese man.
Wearing his bright red armband and E2FEERBERICEE #—0OF ~

speaking fluent Mandarin, from a Al EEE NELEBE FEES
1 distanre A%-vearnald (San Tianri L M
Terry Crossman_En_Zh TM (IME M) 2016/2/7 9:355:55 B E=RIDELL\IELL
3 EHiFERE - Terer m BELE - Terye ZEEEE = &% 7 s ) ©EE 0O FERE @ FAEEER
En_Chinadaily. doex. sdlxli £F  [EhiE ]+ v X
American in Beijing lives his Chinese &£ [ a1 |  SC[E A (ALt 1Al rh s
' dream A
Tery Crossman patrols streets in Baijing's & HESETFERE SEFEA SR P
o | Xicheng district as a public security volunteer. B PRt 1t A T TP
===
3| [Photo/VOG] s IE5AEmE s EE5]
Terry Crossman has spent 20 years in the city & EEREEE ST EF F0TEHRE P
4 he now calls home EeEgRIRnRRERtETEERES
204,
Wearing his bright red armband and speaking rd REFNEERFERESIAEEH & p
. E_CESRTMERS mLRe s
ERTLABEAR G/ EENRESA, .

Chinese man

VMR I8 []0.00% & 75.67% &£.24 43% [ FFE: 40 3 0/262 EED 2




| TH3: EHCATHM MRS %t (YICAT )

[F5L v Aa LS W 7;

1 American in Beijing lives his Chinese dream =EAE01LFEES4ERTEE v FiEmE
(4]

2 Xinhua/chinadaily.com.cn 453t/ chinadaily.com.cn v Al FEEE

[2)
3 2017-08-31 08:54:06 2017-08-31 06:54:06 v FiEEE
[7)
4 Terry Crossman has spent 20 years in the 5B mEEE(Terry Crossman)fEpidh Vv FaEE
city he now calls home PEM=AFRER LR T REERT20 @
&
5  Wearing his bright red armband and 2F IS A mE B LRSS, HE Y S
speaking fluent Mandarin, from a distance mnBEER, MZihE, asE— 4
62-year-old Gao Tianrui could be taken for  FEE—1EBNREER A LK,

any regular Chinese man.

But on closer inspection, things are not quite {B{F4—&, ERBFHFEHEEE0REE VYV EEEE



| T.24. ChatGPTi% )5 %is

AT B PR K A IER R A (ISTOB) AR F X KN FIFH —AaiFEL, T|
F—BAFELRL, FHBAFFL,

In contrast to dynamic testing, in static testing the software under test does not need to be
executed. Code, process specification, system architecture specification or other work
products are evaluated through manual examination (e.g., reviews) or with the help of a tool
(e.g., static analysis). Test objectives include improving quality, detecting defects and
assessing characteristics like readability, completeness, correctness, testability and
consistency. Static testing can be applied for both verification and validation.

S5 5mR e, EFSNK, MKXAETORMERE AT, R4, SR,

AARMATERA ISR BIATHEE (Plde, $F) IEHTHE (Plde, #HE
DA HATIFAE. MK B ARELIE A ﬁg\#Mﬁ%%ﬁ%Wﬁﬁ TN E A
P B aX e — BUME S AFAE . B0 An A TR FT LA I AR S K

56



| T.E4. ChatGPT:: 5 Hhis

HFEmRAak, #5MARNE ZRATHEM R, BLF36E (Plhaif

) BAERTE (BlEeiFSoa) , ARG, RANT, FARMALRELT

SEAAPE, ST R Fe— HOE S 4R, RS NR T B T IR GE An A A

1E = e AT IR . MIRE) BARQFER S M AN IGABIPE T, T EME,

JR SR B S A AR AR [ A 2

JR Ry E I AT A, DG — N A P A

“CMIRAE T G GEE RS EA, RIZENFER ARG AT R
AT F 9847

“COXIEARAAINAR T AW IFFE SN IR a9 ET R, NIZEER CFHS N T
Rl T I e A 2807

BARmE, BLNELEAFRT RLNE L, 2AF9EILisaEaEiE L
L7 ik o R ) I8

57
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CSA, The language services market: 2017



o JRIEF AEHAFIES 5 TN
o SR, KRIE HLIE

o BXARTEFAET

o HORu A BE

o ATALAMIKEE F

Source: ISO Translation services — Post-editing of machine translation output — Requirements, 18587
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1. GBT40036-2021 %113 Ik 5-HL 55 B0 15 4 )13 )5 Shdg 2K
2. 1SO_DIS_18587-HL 814w & #1137 Smis AT . pdf

3. WAHLEFIENEE i _E B - B #11%-2014(6).pdf
4. ¥ )5 YhiE B L F5-SDL.pdf

5. RWS &5 438 35 )R A2 (1D B, % %)

https://www.trados.com/training/post-editing-machine-translation/



https://www.trados.com/training/post-editing-machine-translation/

END
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